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MapR Core & MapR Ecosystem Pack
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“Hbase= Hadoop Z@0|A H4H HIO|E{ S XESt= NoSQL £F M. SX| 2 Hbase =X oHA|Z Qs 45 5 AH/E =HE I} ¢

2 0|#. MapR-DBE= 0|28t H|2F AtEHS M| 78} MapR FSQt DBE Z&tA|7{ 1222 Schema less HIO|E{& 2|
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Apache Drill 27|

0| 7| & Hadoop 02

“Hadoop&A2| B2 SQL on Hadoop 7|==0| EX. Apache Drill2 MapRO| FE5t= Z2HE=Z
SYe ANSI SQLE 7|EL2 VY 48 8ol Z2HMER 71E &7 AT == 2= SQL on Hadoop?| &~

M 2B S0 chsh

/& SQL on Hadoop 7| = Apache Drill

« Z+Zto| of| 2 A|AEOICE S 219l SQL on Hadoop A% = Drillbit O|2t= S ¥t SQL on Hadoop %l ALE

= ANSI SQLO| O}l S&IX0l sQL7|gto| HO{E AlE = ANSI 92 HEZ SQLS B E A A0 CHSH SUSHA Al

« HDFs2| mtH S 2 7|0 #8810 sQL HBH 20| =7t = MapR FS I+S £7|0} F/3810] sQL HEHZ 7Is

Impala SQL Phoenix SQL HiveQL Apache Drill ( ANSI SQL )
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Apache Drill 27

“Apache Drill2 &2 F£&2| #HO|ES0| MapR 252| /X EE #/EE|0 AEF 7|05t A2 MapR-FS, HDFS, Hive, MapR-
DB, Hbase S HIO|E| 2AQ A7|0O10| X} 22 SQL on Hadoop Z2HME | XX 7H'Y Web Ul = Zeppelin S} E8610{ &8~

® 0 > drill.apache.org & (4] ] » [ < -2 C (192.168.2.51:8047/query

ApaChe o CJ.JEW o BtDragE e e e

Drill Committers

Name Alias (email is <alias>@apache.org) Sample SQL guery: SELECT * FROM cp. employee.json™ LIMIT 20 A PA‘ H E
Jacques Nadeau jacques b
Query Type b
Tomer Shiran tshiran ‘
© saL
Ted Dunning tdunning PHYSICAL
Jason Frantz jason LOGICAL
MC Srivas srivas Query € C O 192.168.2.51:8047/query o 0
p & SELECT * FROM cprrsrasnil

Julian Hyde jhyde  Apache Drill
Tim Chen tnachen

Show 10 7 entries Search: Show / hide columns
Mehant Baid mehant
Jinfeng Ni ini N_NATIONKEY N_NAME N_REGIONKEY N_COMMENT

Submit [1] ALGERIA 1] haggle. carefully

Venki Korukanti venki 1 ARGENTINA 1 al foxes promise sly
Jason Altekruse json 2 BRAZIL 1 y alongside of the p
Adltya Kishore adl 3 CANADA 1 eas hang ironic, sil

4 EGYPT 4 y above the carefull
Parth Chandra parthc

Showing 1 to 5 of 5 entries
Aman Sinha amansinha
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Apache Drill 27|
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“MapR2 EQtit 450 Z3E HE2EHQ AAHY of Wale| F4 KM% A|AHQl MapR-FS, MapR-DBE HM|SgL|C}. ”

« =4 HIoJH M2|E ?IsiA GIOIHE XMEt7| ek Tt AlAH
.« H| NameNode O}7| &K
- DS Sl SME2S ¥4 AO|E0] 4d5to TS 5+(DR)E Xl
MapR-FS (HDFS) . pygagog (terabyte "=+ petabyte)E& MESI=E 110
5, NFSECH 4 2 T e X3
« OlOJE MM 20 Cict 4571 80I5tH 2 Al S22 HRE nodeZr F715HH E

- 27 H|o[H, MA CIOH, HEIHOIE, 28 s, AFEAF Z20tE, M JE| X Z3/2/0]/2HA Ho[HE Zafet
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- Sty TS 225t7| fiTt |IAEER 27 EE AAE
- 2K §3 EER T2 o2 Ot HE HAY = s Al (action2E I, B0l e HlEe =
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Ot AEHO| Lot ShE it AR S EUA2D, 017|0|= XtH Y 2|74, 2E2|Y Y 2|74, o1, 510
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Apache Drill
ODBC/JDBC Driver
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[ Basic statistics ] [ acr:?is:ciegcr:ziggn ] [ Collaborative filtering ] [ Clustering ] [ DiTeednif:ig?]"ty ]

A4 A4 A4 A4 A4
= Summary statistics : = SVMs, logistic = alternating least = k-means = Singular value
= Correlations . regression, linear . squares (ALS) = Gaussian mixture decomposition
= Stratified sampling regression = Power iteration (SVD)
» Hypothesis testing = Naive Bayes clustering (PIC) = Principal
= Random data = Decision trees » Latent Dirichlet component

generation = Random Forests allocation (LDA) analysis (PCA)
= Gradient-Boosted = Streaming k-means
Trees
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